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After market clearing, the EV aggregator have two goals:
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« Realize their commitments in the market N MPC performs best vv|th. accurate .E\/ models, but com.putahonally expensive.
e Meet the demand of each BV in real-Hme (e.g. SoC) " Pl can perform bad, but is easy to implement and require no EV models.
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Localized Control Distributed Control Centralized Control
S.truct.ure. No c:em%rahzed contrqller. Fach local controller (EV) de- Structure: A cent.rahzed controller takes measurement from the BV Structure: A centralized controller takes measurement from the EV
cides its own charging rate setpoint. plant and sends signal to each local controller (EV). Local controllers

plant and sets the charging rate setpoint u for each EV.
adjust their charging rate setpoints u accordingly.
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Example: Proporhonal—lntegral (Pl) COﬂtFOHl] Example: Online Feedback Opﬁmizaﬁon (OFO) [2] Example: Model Predlch;/e Control (M PC) [3]
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